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Abstract -
The study started from a conceptual part, in which the researcher broke
the narrow concept of fake news about similar concepts.

This intrusion made it possible to accurately determine the course of the study
and enabled us to identify some socio-communicative and psychological
theories that the researcher believes are suitable for explaining the growth of
fake news and its consumption in social and virtual circles.

The research paper sheds light on the mechanisms of spreading fake news on
social media, determining its types, classifications, and detection models,
whether related to human or artificial intelligence, in order to come up with an
algorithm to detect it before managing and disseminating it on a wide range.

Keywords: Fakenews; Consumer Behavior Theories; Fakenews classification;
Fakenews detection Algorithms.
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