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 الملخص 

تحليل المشاعر والآراء في التدوينات المصغرة  وبخاصة التويتر  تبيان أھمية تھدف ھذه الدراسة إلى 
وعليه  .التحليل الآلي ،  وتبسيط طرق وكيفية تماعيةبالشبكات الاجكأداة منھجية جديدة في الدراسات المرتبطة 

توضيح مفھوم تحليل المشاعر والآراء، أھمية وكيفية التحليل، وكذا تقديم نماذج  على دراستنا ھذه تعمل
  .بالإضافة إلى الصعوبات التي تعترض التحليل كأداة منھجية لدراسة التدوينات المصغرة ،.التحليل ومقاربات

لدراسة الظواھر كأداة منھجية بديلة ضرورة الاستعانة بتحليل المشاعر والآراء  إلى الدراسة خلصت 
  .التحليل الآلي بكل سھولة ومرونة يقدمھا المرتبطة بالتدوين المصغر والشبكات الاجتماعية نظرا للنتائج التي 

  

  ،الشبكات الاجتماعيةتحليل  ،برمجيات ،أدوات منھجية  ، تحليل الآراء،تحليل المشاعر: كلمات مفتاحية
 .تدوينات مصغرة

 

Abstract: 

 This study aims to show the importance of sentiment and opinion analysis in micro-blogging, 

especially Twitter, as a new methodological tool in studies related to social networks, and simplify the 

automated methods analysis.    Accordingly, this study aims to clarify the concept of sentiment analysis, to 

illustrate the steps and approaches of the analysis, in addition to mentioning the difficulties to study 

microblogging by sentiment analysis. 

The study concluded that it is necessary to use sentiment and opinion analysis as an alternative 

methodological tool to study the phenomena associated with micro-blogging and social networks due to 

the results provided by automated analysis with ease and flexibility 

 

Keywords: sentiment analysis; opinion analysis; methodological tools;  software; social network analysis; 

microblogging. 
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    ���¢� \¢�� �!¢�AD�
� !���)�
 5���</�
 �
�27 g�A
 |%
�./�
 OD4� !A()% 5�2��* �p c()=
 J� m)�
 -�¥ b@�
�

-�	=
 ": ��d�z
 5�=�D% &6�P
�P &J"� !���a��
 �A� OD� &��P "   e�¢K
 !¢���a��
 �A� � 5�=�D=
 &6�P c��N# c/�y
��d�z
. 

2.3  .ΩŒºZNªA PBIiB¥ø:  

   C' T
�z
� ���u=
 ���v !��A,* ���N�� !����7 5�*�/N% !;�; �P�� : cl�N�
 8K)�
 �§z
 c�,/�
 \�� cl�N�
 8K)�

[X�
 8K)�
 � cX,=
 \��:  

7 �   ƒªA œª‡A ¡º®NªA ”ºß ¡÷B¥ªA W»machine learning� based  : c/� j�� �m)�
 �7 !N�;��
 H�/0% O% 7���
�N�0% !d)"=
 5�2����
 O% !��A� 6�P� 8K)�
 ?@' ��a/� ���")�
 !��a� ���v \�� �6�� �:�� ����# . ?@' c/�

�� T
�z
 ���v �P7 O% §z
 c�,/�
 5��%e�
�U k��a/* G���R
 �
�./�
 \�� 6�A/�$�* ��")�
 _�)"# !�]0% ��7 \
 §z
 c�,/�
 !�)N# \�� �A/,# M�
 5��%e�
��
 c'7 O%� �!��w��
� !��<)�
 5
W�=
) �e�X�2016� � .41( 

� !���A/�$
 5�d)"=
 :  �	% naïve bayes classifier 

� !�a�
 5�d)"=
 : �	% neural network  

� ��
�N�
 ��XS7 5�d)"% &���N�
 \�� &�A/,=
 5�d)"=
.  

  ����# �P7 O% 5�2��* &���� 6�P� G���R
 ?@' ky� !����R
 &�Dd�
5��%e�
��
 !,��q ky� �'���/U
 c/� M�
 �
!�l�K)�
 8l�/)�
 \�� -�"<�� ���P O% �'���/U
 &6��p� �K����# c/�� �|)% n��
� ��I�=
.  

 Ω∏rªA03 :bNmBI ΩŒºZNªA “Œ∞Œ∑ îIœª‡A ¡º®NªA LÃºmC ¬Af  

 
ifvùA :) ����,�
2020� � .15(  
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G �   ¡V®ùA ”ºß ¡÷B¥ªA W»ƒªA Lex i con-based  : !��aN�
 G�0� �p n�K�� !A�D�
 H�/0% O% k�a)�
 ���u=
 cX,% \�� 6�A/�$�* �m)�� !%�,�
sentiment lexicon !�*��p _)"# �% ����� M�
 5�A�D�
 ?�f
 6�<�� /

 �7 !���� �Av M�
 5�A�D�
 O% !��A� O% cX,=
 ��D/� j�� ��'J�� �
�P «�� �TC� �
�P ��P ���P �7 � &���t
�K��p ��v M�
 ���u=
 !,��a* �Ka*� c/�� b7��
  . � &�A/,% 8'�)% �7 £�q !;�; i�)' �7 �K��� �A/,=
 5��
���
 5�37�

���</�
 cX,% T�)*:  

• –ÀfŒªA W»ƒùA:  )� n�,�� !�
��
 5�A�D�
 g� �  !�l�"��
 �����R
 \�� �A/,� |2R �Cl�"��
 G���R
 8K
 £�w/0# M�
 !a�0��
 8'�)=
 O% �/,� b����
 8K)=
 �7 J� |/��{ c��� �!A�3 �3 !��a� ���v g% ���u=
� T
�z
 \��

 cX,=
 e�{� ���q �/�� 

• “√ÀfùA W»ƒø:  � �A/,=
 8K)=�* n�,�� g�%�+
 \�corpus : !�"d)=
 5�A�D�
 O% !��A� \�� !�XK)=
 ?@' b�/v
seeds  �K)�* �A�y 5�A�D�
 ~*
�# 5����0� Cl�"��
 ���</�
 -�A,/��* 5�A�D�
 !�;�© G�0� c/�� �!y��,% !��a� �� M�


�� ��D#� ��LR
 O% !���� 12�3 
:p !P�% !A�D�
 ���/�
 c/�y ����$6� ��2�0��K)� &��,* 12�3 
:p !�� ) �6�K�

 � E���
2020� � .23( . 

• pÃøB¥ªA W»ƒø : g�%�� � j<��
 c/� ¬ O%� �b��� �Du* !��aN�
 !y��,=
 b7��
 5�A�3 O% &JwL !��A� g� c/�
 �	% &��Ku=
 5�A�D�
wordNet :� �A)��* !��A+
 ?@' 7��/y ���D,�
� 5�y6
�=
 \�� -�"`
 �P7 O% !y�I�* 9�

 &���P !A�3 b7 !y�Ip �K�y c/� $ !���% �p �"2 �7 �p 
@D'� ��	�
 �
�D/�
 7���� &���

 5�A�D�
) �e�X�2016 �
� .42( . !)�,% 5��%e�
�U �
�./��* !��LR
 5�A�D�
 !��a� xd2 �� &���P 5�A�3 \�� -�"`
 OD4 j�� ) �	%

 !�%e�
�UBootstrapping( 

�  �    îV�A W»ƒªA Hybr i d appr oach :  8K)�
 � cX,=
 \�� cl�N�
 8K)�
 [* 8%��
 &�Dy \�� �A/,�
[N*�0�
 [XK)�
 [* ��
W� |27 ­,� �§z
 c�,/�
 \�� cl�N�
.  

  

4  . ’Ai‡AÀ jßBrùA ΩŒºÑ PAÃÒa:  

k�� �% \�� 
T�)*  ,��
�=
 � &Jw"�
 5�)���/�
 ���v ��
�% e��p OD4 !���/�
:  

� ïÀfiA “ºYjùA : 6�A/�$
 OD4� ��'J�� !���X/�
 g�
�=
 �7 !���A/P$
 5�D�u�
 O% �K���v 6
�=
 5�2����
 \�� -�"`

 c���
 !�L�U \��hashtag 5�2����
 ��P�/�
 � !L�U 5����* \�� 6�A/�$
 �7 �!AK=
 ��K0/�. 

� “Œ√BRªA “ºYjùA :,P�/0=
 5�2����
 !
�,% �/,� �% �3 n@� 9�: � �8�XB�
 O% m)�
 _�()# !��A,�
 OAB/# j�� �!
 ~*
�� ��
��R
 �KSR
 �®��
�/�
� ����R�3 !��aN�
 � Jw# $ !y�Iphtml  �7 ��7� OAB/# $ M�
 5�y�I�
 O% �'J� �

&J�D�
 n��`
 Jw"/* !*�/D�
 !N��q !
�,% c/� �A3  �
��,S. 

� “RªBRªA “ºYjùA:  !,��q� n��
 g% � 8K)=
 g% ���)/� b@�
 ���</�
 H�/0%� T
�z
� ���u=
 ���v 8'�)% ��7 ���/U

����=
 ��I�=
. 

� “RªBRªA “ºYjùA :5��l�"�p� !�2��* 5�aa� �DS � 8l�/)�
 \�� -�"`
. 
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Ω∏rªA04 :jßBrùAÀ ’Ai‡A ΩŒºZNª  “øB®ªA PAÃÒàA \yÃÕ 

 

  

 ifvùA :) �e�X�2016� � .38(  

 

 

5 .�ÕÃNªA ü ’Ai‡AÀ jßBrùA ΩŒºÑ:  

 �%�,/�
� 5�2����
 \�� -�"`
 !��K0� 9�: �&Jw"�
 5�2��=
 � ���u=
 5���v e�*7 �/��/�
 5
���w# ���v �/,�
�/��/��* !L�U 5
�67 -�U O% �K,% . !�/D% �p T�X��
 ODA�ytwittersharp  !%�U -�U O%� �TwitterAPI 

!��K� �D* g��=
 \�� !2W.=
 5�2����
 �p -�L��
 OD4 �/��/�
 g��% �K<�/� M�
 . O� �/��/�
 ���v ��
�% _�/� $�
!���/�
 ��N)�
 � �/��/�
 ���</� C0�l��
 ����)�0�
 ��D/� � !��K� �	37� ~0*7 ��7 J� �H�UR
 5�2��=
: ) �e�X�

2016� � .58(  % ���S 6�P� &���I!N�0 : j<��
 ���</�
 !��A,� 8l�/2 6�P� )���</�
 !�w* 5
���w/�
 g�Af ( 

- !I��,=
 5
���w/�
 O�W./* ��./0=
 ��()�
 ��N�. 

-  ����¯� � b7� O� �,# $ M�
 5�A�D�� n@`
 � !�d"/�
 5���A,� m)�
 gBQ b@�
 ��¤
 \�� 5
���w/�
 ���
~*
���
� 
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- ��a=
 5�d�)"/�
 ���/U
!*. 

- 5��%e�
��
 \�� !N*�0�
 &�a�
 O% 8#�)�
 ����. 

- �
�D/�
� 6����
 5
�%� 5�A�D�
 6�� G�0�. 

- &���w# �3 !���� � !�*��p -�A/�
 G�0�. 

- !��>% �02 �p !���0�
� !�*���
 5�N��,/�
 6�� ���v 

- 'e�*7 �,� �C0�l��
 ����)�0�
 &��J� T�);7 �K(# �� M�
 5���,=
 �,* i�)'12�/2R�* -�"#$
 ��aN2
 �. 

6 .’Ai‡AÀ jßBrùA ΩŒºÑ PBIÃ®uÀ P‹Bâ:  

1.6 .ΩŒºZNªA P‹Bâ:  

§�/�
 �<)�
 \�� ���u=
� b7��
 ���</� !�0�l��
 5�N��a/� ���v OD4:  

(Sharma, Tiwari, & Prasad, 2017, p. 158) �)  ����a�
 � b���,�
2018 5�<d"�
 �16 �

17(  

�  z
 O� _uD�
�K�y G���=
 J� T
� :!���� ��
�)* 8/)=
 -�� 5�,P
�% ��.SR
 �/D� �� . _)"� �7 OD4
 ?@' ���u=
 ���v� T
�z
 O� ��N)/�
\�� 5�,P
�=
  �K�y G���% J�� !AK% J� ��7spam .  

�  !%��
 �7 8/)=
 T
�S :
 5�N��,# c��N# !��K0* ��.S¯� OD4 � !�)N/�
 ?@' -�U O% -�� c�
�U� O��Uz
!0y�)=
 !���X/�
 5�%�,�
 !2��N% !��K0* |)D4 �A3 � !%�U �7 8/)% b7.  

�   !%��
 �7 8/)=
 � &6�

 [0vservice  :9�@3 E�0�
 b7��
 g� [,�)"=
 
@' � OD4  ����
 b7��

%�U �7 cKX/)% &6�P [0v cK)D4 §�/��*� cK/%�U �7 cKX/)% -��cK/.  

�  k��0/�
 ���7 :!,�/=
 !�N��0/�
 5�����0�
 g% 5�%��
 �7 5�X/)=
 ���v OD4 .  

�  5����0�
 g)LDecision Making : &�(2 
�@U]� �7 5����0�
 C,2�"� OD4 ����u=
 ���v -�U O%
 !���� T�u2p � 5�%��,=
 ?@' O% &6�d/�$
 cK)D4� 5����0�
 �,* ?�f [)q
�=
Oq
�A�� !N��L &���P !)0t.  

�  �
�N�
 :��
Decision Making :5
�
�N�
 g)L !��A� � !��w�� ��d% �")� c�
�U� ��)�
 b7�.  

� n�u/3
  !�K/�=
 ���u=
 Detection of flame  : !	���
 ��DyR
� T
�z
 ���v � 
�P &��d% !aN)�
 ?@'
 ���W2$
� !�'
�D�
� -�

 J	# M�
 !�%�� �7 �!���� �7 �!�dl�q G���R !d�/� G�,S [* h� �s ���
��
 ����
 6
�y7 [*

�Uz
 n�a�� !>�� T
�s |�P�# �P7 O% ��DyR
 ?@' �u2 � O��A,/% �7 T�KP ��2�D� �� ��.S7 k��q O�.  

� 5�*�./2$
 8l�/2 g��# :
 5�*�./2$
 � Wl�d�
 g��# � T
�z
 � ��N)/�
 ���0� ��)�
 T
�s !2��N� 6���
 � !%�,�
 !L�U � 12�/2R
 5�<dL � $�
�# 5��".u�
 �	37 O�social media  O� !���0�
� !�*���
 T
�z
 -�U O%

��./2$
 cK��2�* � |2���a� �% -�U O% �7 c�
e�{p.  
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2.6  .ΩŒºZNªA PBIÃ®u:  

    
 O% !��A� O� 5��
���
 O% J	D�
 1du3 |��p ��S7 �% �K}7 �,� ���u=
 ���v k�,# M�
 5�*�,"�
 ��	����
:(Giachanou & Crestani, 2016)  

- m)�
 -�q :_�)"/�
� ���</�
 !��A� O% �,"� m)�
 -�q � ����q �"� 5
���w/�� &���d�
 5�A0�
 O%.  

- ��I�=
 !Al�% :
 ��6 &���w/� Cdq�,�
 |P�/�
 _�)"# �p �A,�
 c(,% n�K�!���I�=
 !�}R
 �p �()� . j��
n�3 J� ?@'� �!���I�=
 !�}R
 \�� 
��Sr% �% !A�3 6�P� !q�0�* [	����
 O% ���,�
 �/,�. 

- !<�<"�
 J� !�W��{�
 !w��
 : � !%�./0=
 !w��
 _�/� �-�a�
 !�6��t� C���
 J� -�"#$
 ��)� 
��(2
Twitter 
 !w��
 O� 
�J�3 ��y�/U
 H�UR
 ��")�
 �
�27 � !%�./0=)9�: �p �%� ���UR
� 5�2��=
� ����
 .( b�/v

5�;�</0=
 � !�%�,�
 5�A�D�
 �
�./�
� 5
��"/U$
� &J�D�
 n��R
 9�: � �� � !�"2 ml�"U \�� 5
���w/�
.  

- 5�2����
 1/u# :_	D=
 �
�./�$
 ��0* T�I�B�
 O% J	D�
 \�� 5
���w/�
 b�/v  !<�<"�
 J� !�W��{�
 !w��
!�l�%�
 T�aUR
� .���u=
 ���</� ��,�
 T
6R
 \�� � 5�2����
 O���# c��* !y��,=
 � &�'�(�
 ?@' �;r#. 

- Cd)�
 :!������ ���u=
 !��a� n�u/3
 � ��AK% 
���6 Cd)�
 5�A�3 6�P� �,�� . Cd)�
 5$�� O� _uD�
 �p
�� F�<L �Du* �K,% �%�,/�
�����v �	4 �(�� [�
 �%R�* x . !��a� ��� � ��0/� �� |2R ��AK% 
��%7 Cd)�
 n�u/3
 �,�

 !�����
)xD,��* xD,�
 �7 !���� !�*���
 F�"#.(  

-  ky��
 5�%�� : !Bd.)% W��� &�� �� !,l�S 5�A�3 C' _���
 5�%��) � -�	=
 ���� \��the  �is  �who (

/�d"# c/� �% &6��� �m)�
 !
�,% ��� �K .  

- 5�w��
 6�,/% H�/t :!�����
 xd2 � h� !a�/� ��D# ��2���7� � 5�w��
 O% !��)/% !��AX� 5
���w/�
 �/D°# .

5
���w/�
 -�q �"� !X�/2 !w��
 n�u/3
 !*�,L 6
6W# .  

- ~l����
 6�,/% H�/¤
 :% ~l����
 6�,/% H�/t \�� 5
���w/�
 b�/v �5$�`
 �,* � gq�N% �7 ��"�
 �	
����d�
 . �
�./�
 �7 b7��
 ���L ���v -�� &��d% 5�%��,% �y�� �7 OD4 j�� ����d�
� ��"�
 ���v ��D� ��
���D�
 .  

 !w��
 ml�"U ¡�u# !���/�
 ��N)�
 � ��
: �� � !w��
 ml�"U ��0* �&�N,% CKy !�*�,�
 !w���* 5��
���
 � �%7
A� \�� �'J;]#� !�*�,�
���</�
 !��  :(Alhumoud, Altuwaijri, Albuhair, & Alohaideb, 2015, p. 

364)  

�  ��* �D� /!�*�,�
 !w��
 O% !L��
 |/X� �7 |/.02 !,q�N% O% TWP . m)�� !d�/� 5�X� i�)' �7 ¨,� 
@'
!d�/� ��,% �Av �7 OD4 12�/2�
 \�� !��/% ��,�
 . �)� !���� 5
��N,# 9�: O� 8/)�!d�/� 5�XK�* ���u=
 ���v.  

� OD4 �7 ��D� �@
 5�A�D�
 !�*�,�
 &�� -�DS7 �A/,# \�� £��0�
  �	% "5�A�3 �c�D/� ���3". 

� !w�� !�*�,�
 !�L�U !>X� xd2 !A�D�
 � OD� g% n�/U
 ­,=
 �0� 5�%�� !A�D�
  �c�,� �	% ���Du/�

c�,±�.  

� 6�P� 5�A�3  �	% "OD� "
 �p b6r� �©_q
�� \�� &��
��
 !�A

 T
�/� !B��)/% � xd2 1���
. 
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!�*�,�
 !w��
  b�v !KP
�% \�� [	����
 W�3�# O% ���N�
 i�)Ky �!�*�,�
 !w���* 5��
���
 !�6��t �p !y�I��*  �
���u=
 ���v(Hamdi, Shaban, & Zainal, 2016, p. 474)  &�'�V� �Arabizi  �,* ���� ¨,#�

�./0=
!�*�,�
 !w��
 !*�/D� !�)�#��
 !w��
 �
�./��* [% ) ����,�
2020� � .07( � !	��`
 5
�6��=
 �,* 5�KV ��� �
  ������� �	% !�*�,�
 �
����
 � !�D¤
 5�XK��
 ��)# b�v !KP
�%lucidya   

7.“óBa :  

)N# �'
�V  !���A/P$
� !�2�02�
 �'
�(�
 O% CP���)D/�
 ��a/�
 �,P 
T�* !�)N# �%
�� 6�P�* $p �0X/# $ !�
 |��P � ����
 ��a# �,d* !���A/P$
 5�D�u�
 5�KV� �x%��
 �K��P � 5$�"#$
 �p $�L� _#��
 �� -�"#$�*
 � ��	����
 ��ay �!�D���D�
 5
�6R
� 8'�)=
 �
�./��* �K/�
�6 �,"� !�I
�/y
 5�,A/� 9�@* !�Du% ��	�


���)D/�
 � �P
�/# �7 OD4 M�
 5�2��D�
� 5�%��,=
 O� ��N)/�
� j<��
 !��A� �K0# 8%
�* 5��I����
� !	��`
 5��P
 &��X/�
� !�N��0/�
 5�%��
 �!�
�"�
 5�D�S ��u)�
 &6��p� �u)�
� k��,/�
� G�X���3 5����© O% 12�/2R
 !D�S

��DyR
 �u2 �!�*�./2$
 5�A`
 �!�2��/D��
 ... �;]/�
 cX� \�� n�,/��3  �!)�,% n
�'7 k�N</� �K���v � �Kd�)"# !�w*
 5�0�r=
 ��� O% !%�N=
 5�%��
  &6�P \�� n�,/�
 �!�*�'��
 5���A

 \�� n�,/�
 �5�*�./2$�* r�)/�
 ��% &�Dd*

��*W�
 �I�� ... �'J��  

 �
�27 ��7 5��A0=
 n�/U�* T
�z
� ���u=
 ���v �/,�� -�� OAI �Uz
 �' ���)� b@�
 CD�u�
 ���</�

 !�
�* @)% �KV �����
 � ��N)/�
5��d�R
  !�
��� &�	D* ��./0� ���$�� ��)#� ��<��
 6�� &6��e g% ��a#�O���/�
 

=
� T
�z
 ���v kN� �-�+
 
@' �  [	����
 ¦�/,# M�
 5�*�,"�
 O% c����*� ��/��/�
 !L�Z� &�w"=
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