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Abstract :  Article info 

This study aims to analyze the relationship and the impact of structural empowerment in its 
various dimensions (participation in decision-making, authorization, work teams, motivation, 
information  and  communication)  and  time  management  in  the  Directorate  of  Trade  in  the  
Wilayat of Djelfa, where the study used the questionnaire as a tool to collect primary data 
from a sample of 60 out The study population of 200 workers. The study concluded that there 
is a positive and moral impact relationship of structural empowerment in its various dimensions 
on time management from the viewpoint of the employees of the institution under study. The 
study also recommended the exercise of structural empowerment more broadly in order to 
effectively manage time and avoid wasting time. 
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2  . :  
1.2 . :  

1.1.2.  : 
 :

  (amor, vazquez, & faina, 2020, p. 169) .
  (   

  )201367( .  
    " kanter   "  ) Structural 

Empowerment (    
    

 . (Ramos & Alés, 2014, p. 29)  
        

 . (Liden & Arad, 1996, p. 207)  
        

   )2017/201825 (  
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:  

  1 :  

  
 : Smart PLS3  .  

  
  .  

2.3 .   :  
     )    (200 

  
      100      60    

 .  
3.3 .  :  

) Cronbach’s alpha( 
 :  

1 :  
      

  20  0.927  

  14  0.692  

  34  0.908  

  SPSS25 .  
     )0.927  (  

   )0.692  (
   )0.908  (

 .  
4 .)  :(  

) Convergent Validity   (
 ) Individual Item Reliability  (  )Composite Reliability (    
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    )AverageVariance Extracted  () Discriminant 

Validity :  (  )Fornell-Larcker(   )Cross Loadings(.  
1.4 .Convergent Validity   :  

 :  
1.1.4 .Individual Item Reliability : 

  Factor Loading :  
2 :factor loading  

  Indicators  Loading  

   
Part1 0.913  
Part2  0.760  
Part3  0.869  
Part4  0.742  

  
Auth1 0.850  
Auth2  0.817  
Auth3  0.229  
Auth4  0.652  

  
Team1 0.887  
Team2  0.852  
Team3  0.787  
Team4  0.831  

  
Motiv1 0.850  
Motiv2  0.603  
Motiv3  0.858  
Motiv4  0.824  

  
Techfo1  0.805  

Techfo2 0.641  
Techfo3  0.798  
Techfo4  0.767  

  

Timem1 0.750  
Timem2  0.637  
Timem3  0.328  
Timem4  -0.456  

Timem5  0.152  
Timem6  0.578  
Timem7  0.572  
Timem8  0.723  
Timem9  0.178  

Timem10  0.425  
Timem11  0.758  
Timem12  0.091  
Timem13  0.202  
Timem14  0.568  

   Smart PLS3 .  
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:  

            )Auth3, Timem3, Timem4, Timem5, Timem9, 

Timem10, Timem12, Timem13, Timem14(    0.40
  0.70 

  (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 137)      0.70      
%50  .  

         0.40    0.70
0.70    

  
  0.40    0.70    

  )2020161 (  
2.1.4.  :  

        Composite Reliability    
 . 

      .  
3 :   Cr  

  Cr 
  0.893  

  0.827  

  0.905  

  0.868  

  0.841  

  0.863  

   Smart PLS 3.  
  2 : Cr  

  
   Smart PLS 3. 
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       Cr    0.70  
  (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 136)      

0.60  0.70        0.70  0.90            
0.95  .  

3.1.4. Average Variance Extracted(AVE) :  
         

  .  
4 :(AVE)  

    (AVE) 
  0.679  

  0.615  

  0.706  

  0.625  

  0.571  

  0.513  

    Smart PLS3 .  
3 :(AVE)  

  
   Smart PLS3 . 

        (AVE)        
        0.50    

  (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 138)    0.50
  50%  .  

2.4  . :  
          

 .  
1.2.4. Fornell-Larcker:  

       (.Hair, Hult, Ringle, & Sarstedt, 

2017, p. 137)   Fornell-Larcker  .  
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:  

6 : Fornell-Larcker  

        
  

  
    

  0.784            
  0.725  0.756          

  0.624  0.767  0.791        

  0.745  0.766  0.647  0.824      
  0.652  0.688  0.759  0.620  0.840    
  0.583  0.452  0.421  0.510  0.447  0.716  

  : Smart PLS3 . 
         

 ) 0.784  ( )0.756  (
      )0.791  (    

    )0.824(   ) 0.840(  
) 0.716  (  

  
 .  

2.2.4.Cross Loadings: 
  

  :  
7 :Cross Loadings  

              

Auth1 0.840  0.608  0.573  0.645  0.627  0.557  
Auth2  0.815  0.518  0.402  0.569  0.376  0.381  
Auth4   0.690  0.579  0.416  0.528  0.509  0.414  

Techfo1 0.609  0.805  0.636  0.671  0.609  0.398  
Techfo2  0.490  0.641  0.386  0.410  0.458  0.353  
Techfo3  0.522  0.797  0.596  0.705  0.434  0.277  
Techfo4 0.571  0.767  0.666  0.498  0.569  0.344  
Motiv1  0.710  0.631  0.850  0.561  0.605  0.335  
Motiv2  0.354  0.411  0.603  0.276  0.409  0.348  
Motiv3  0.572  0.609  0.858  0.525  0.613  0.405  
Motiv4  0.547  0.726  0.824  0.620  0.727  0.273  
Part1  0.709  0.708  0.607  0.912  0.529  0.464  
Part2  0.470  0.550  0.436  0.759  0.487  0.318  
Part3  0.640  0.643  0.617  0.869  0.590  0.436  
Part4  0.617  0.615  0.450  0.743  0.428  0.454  

Team1  0.672  0.649  0.749  0.656  0.887  0.478  
Team2  0.506  0.564  0.625  0.498  0.852  0.16  
Team3  0.388  0.473  0.465  0.396  0.787  0.248  
Team4  0.583  0.603  0.672  0.497  0.832  0.424  



 

  

  

  

 

135 

 .              .                . 

Timem1  0.511  0.266  0.193  0.323  0.271  0.798  
Timem2  0.450  0.268  0.136  0.298  0.201  0.734  
Timem6  0.423  0.277  0.303  0.330  0.291  0.680  
Timem7  0.293  0.166  0.167  0.279  0.268  0.623  
Timem8  0.299  0.273  0.197  0.272  0.258  0.740  

Timem11  0.458  0.513  0.565  0.531  0.484  0.710  

  : Smart PLS3 .  
        

    (.Hair, Hult, Ringle, & 

Sarstedt, 2017, p. 144) .  
           
  :  

  4 :Measurement Model (  

  
  : Smart PLS3 .  

5 .)  (  :  
   

  :  
  5 :  

  
  : Smart PLS3 . 
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:  

1.5 .  :  

VIF :  
8 :Collinearity Statistics (VIF) 

  VIF 

  2.987  

  2.763  

  2.723  

  3.235  

  2.723  

  2.600  

  : Smart PLS3 .  
       VIF  5

  3  
  (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 170)    VIF  

 .  
2.5  .(Path Coefficient) :  
       

 :  
8 :(Path Coefficient)  

  : Smart PLS3 .  
       

  0.05  0.01    p=0.000  t    6.906  1.96    
    Std. Beta  0.551    

 .  
         0H   :}

  <0.05value-p  .{  
  1H    :  }<0.05value -p

 .{  

    Std.beta Samplem
ean  

Standard 
deviation  T statistics  P values   

           0.551  0.575  0.080  6.906  0.000  ** 
Significant at P**= < 0.01,   p* <0.05 
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3.5  .R-square:  
       R-square

2R0 1 : 
9 : 2R 

  2R  Rsquareadjusted 

  0.304  0.292  

  : Smart PLS3 . 
     30.4%     

 (.Hair, Hult, 

Ringle, & Sarstedt, 2017)      2R    0.75    0.50    
0.25 . (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 209)  

4.5 .Effect Size : 
       2R  

2 f.(.Hair, Hult, Ringle, & Sarstedt, 2017, p. 211)  
      .  

10 :f2  
    

  0.573  

  : Smart PLS3 .  
      

  57.3%    Cohen    
35  . (Cohen, 1992, p. 157) 

5.5  .) 2Predictive Relevance (Q 
       2Q  

)SamplePredictive Power)  (Predictive Relevance   (  2Q    
 . (.Hair, Hult, Ringle, & Sarstedt, 2017, p. 

112) 
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:  

11 :)2Q(    
  SSO SSE  Q2(=1-SSE/SSO)  

  360.000  318.154  0.116  

  : Smart PLS3 . 
     )2Q(    23.6%

 .  
6 . : 

             
  

  
    

    :  

-      
    

              
 . 

-          
          
    30.4%      

57.3%.  
  

-      
  

 :  
-  

 .  
-     

    80 /20     
 .  

-      
 .  
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-   
  
  

 .  
-      

  
7 . :  

1.7  . : 
1.1.7 .  : 

-  . )2020   .(
PLS-SEM) (1 .  ( ) .(  

-  ) .2006)  .(1 .  :  .( 
2.1.7 .  : 

-     ) .2017/2018   .(
  .10   :  :  .

 .  
-   ) .2017/2018 .  :  .(

25 .  :  :  .  
-   ) .2010 .  .(  36,37  

 .  :  :  
-   ) .2014/2015   .  :  .(

  60 .  :  :  
-   ) .2015  :  :  .(

   .56  .
 .  :  :  

3.1.7 . :  
-   ) .2012   .  .(
)9(162 . 
-  , . ., , . ., &, . . (2013).   

. , 8 (1), 67. 
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:  

-   ) .2012   .  .(  8 
)1(177 . 
-  , . ., &, . . (2018). : 

.  24 (103), p. 88. .  
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