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Abstract:

This paper aimed to explore the effect of both positive and negative shocks
on the volatility of the Brent oil price during the period 15/05/1987 to 22/05/2020.
We used three asymmetric GARCH models:EGARCH,GJR-GARCH, APGARCH
and conventional GARCH model under four alternative conditional distributions of
standardized errors.The estimation of asymmetric GARCH-class models shows the
significance of the asymmetric effect coefficient..Based on Diebold-Mariano test
for predictive ability, the results indicated that MA(3)-EGARCH (1,1) model is
more accurate than other ones either using MAE or MSE.
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